Good Research Practice

Course offered at UniDistance by the Center for Reproducible Science and Research
Synthesis (CRS) of the University of Zurich

Instructors:
- Gorka Fraga Gonzalez, CRS
- Rachel Heyard, CRS
- Fabio Molo, CRS
Language: English
ECTS:1o0r2
Max. number of students: 20 (details see below)
Dates: 12 June and 19 June 2026

Link to course website: to be announced

Content

Many seemingly established scientific results cannot be reproduced. Issues include lack of
transparency, poor study design and methodology, and questionable research practices. As part of an
ongoing reckoning with poor levels of reproducibility, it is becoming normative to 'follow open and
reproducible research practices' in various research fields. But implementing reproducible research

processes is not always easy.

In this course you learn the necessary concepts, techniques and best practices to make your research
reproducible. We begin with a fundamental point of view on reproducibility and with considerations
during study design. You learn how to avoid typical biases, how to effectively write an analysis plan,

and use pre-registration and registered reports to your advantage.

The course also covers techniques to improve computational reproducibility: versioning with git and
dynamic reporting with R and Quarto, and software containerization with Docker. Participants will

bring their laptops, and together we set them up to produce a minimal reproducible manuscript.

We discuss open science practices and techniques to manage and share your data effectively. The
course concludes with a journal club on different 'failure modes' of science (e.g. publication bias or

questionable research practices) and how to consider them in your own research.



Learning objectives

e Understand concepts and different aspects of reproducibility;

e Understand principles of the design, pre-registration, and reporting of a study

e Practice computational reproducibility techniques, including git and dynamic reporting

e Know about 'failure modes' of science (e.g. publication bias, questionable research practices)

and understand how to avoid them in your own research

Target audience, pre-requisites

The course is primarily aimed at PhD students in empirical research.

Students will need to bring a laptop to class (where they have admin or equivalent privileges).

Evaluation

The course is evaluated on a pass/fail basis. It can be followed in one of two tracks:
1 ECTS track: We expect course attendance and active participation
2 ECTS track: In addition to attendance and active participation, the course participants have to:
- Submit an analysis plan for one of their (planned or ongoing) research projects until
Wednesday 17 June 2026. Instructions will be given during the first course day.
- Hold a presentation of 12 minutes (including discussion) on one article from the course

literature list.

Minimum and maximum attendance

The course will be given with a minimum of 6 students. It is intended for a maximum of 12 students in

the “2 ECTS track” and can accommodate a total maximum of 20 students.



Preliminary Program

Day 1,12 June 2026

Time

Session

09.00-09.45

09.45-10.30

10.30-10.45

10.45-11.45

11.45-12.30

12.30-13.30

13.30-14.15

14.15-15.00

15.00-15.20

15.20-16.20

16.20-17.00

Session 1 (Lecture)
Introduction: “Reproducible and transparent research”
Fabio Molo

Session 2 (Workshop)
Reproducibility in my own field and in my own work
Fabio Molo and Gorka Fraga Gonzalez

Break

Session 3 (Workshop)
Computational reproducibility 1: version control with Git
Gorka Fraga Gonzalez

Session 4 (Lecture)
Computational reproducibility 2: reproducible reporting with R and Quarto
Fabio Molo

Lunch break

Session 4 (Workshop)
Computational reproducibility 2: reproducible reporting with R and Quarto
Gorka Fraga Gonzalez

Session 4 (Lecture)
Best practices in planning and registration of studies
Fabio Molo

Break

Session 6 (Lecture)

Computational reproducibility 3: software containers and demo of
advanced workflow

Fabio Molo and Gorka Fraga Gonzalez

Session 7 (Workshop)
Preparation for homework
Fabio Molo




Day 2,19 June 2026

Time Session

09.00-09.30 Session 1
Review and discussion of homework
Rachel Heyard

09.30-10.30 Session 2 (Lecture)
Best practices in reporting of studies
Fabio Molo

10.30-11.00 Coffee Break

11.00-11.45 Session 3 (Lecture)

Open science principles: a quick introduction
Rachel Heyard

11.45-12.30 Session 4 (Lecture)
Data management plans and metadata for research outputs
Rachel Heyard

12.30-13.30 Lunch Break

13.30-14.30 Session 3 (Workshop)
Journal club presentations and discussion (1)
Rachel Heyard and Fabio Molo

14.30-15.15 Session 4 (Workshop)
Recent research on reproducibility and in meta-science
Rachel Heyard

15.15-15.45 Coffee break

15.45-17.00 Session 8 (Lecture)
Journal club presentations and discussion (2)
Rachel Heyard and Fabio Molo

Bonus topics (on demand and depending on the number of presenting “2 ECTS track” students):
- Metricsin research assessment
- From theory to practice: a clinical case study



Resources

All content will be available on the course website: to be announced
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